The features of an image must be unique so it is necessary to use certain techniques to ensure them. One of the common techniques is to modify the gray dynamic range of an image. In principle, the gray level dynamic range modification maps the gray level ranges from the input image to the new gray level range as an output image using a specific function. Fuzzy Membership Function (MF) is one kind of membership function that applies the Fuzzy Logic concept. This study uses Trapezoidal MF to map the gray dynamic range of each RGB component to produce a feature of an RGB image. The aim of this study is how to ensure the uniqueness of image features through the setting of Trapezoidal MF parameters to obtain the new dynamic range of gray levels that minimize the possibility of other features other than the selected feature. To test the performance of the proposed method, it also tries to be applied to the signature image. Mean Absolute Error (MAE) calculations between feature labels are performed to test authentication between signatures. The results obtained are for comparison of samples of signature images derived from the same source having a much smaller MAE than the comparison of samples of signature images originating from different sources.
INTRODUCTION
The gray-level dynamic range modification is done for various needs. In principle, a gray level dynamic range modification is mapping the range of gray-level of the input image to the new range of graylevel as the output image [1] . The contrast-stretching technique is used to increase dynamic gray level range. Research on contrast stretching on gray levels is specifically used to maintain the intensity of the image while the contrast is enhanced, providing better consistency and display effectiveness [1] . Improvement methods are usually performed on gamma value correction with the help of artificial intelligence algorithms such as Particle Swarm Optimization (PSO) [2] [3] [4] . Gamma correction is a technique that maintains the average brightness of the image that produces a natural-looking image with a choice of optimal gamma values [2] . Improved contrast is achieved by maximizing the information content carried in the image via a continuous intensity transformation function [1] [2] . New methods of contrast enhancement called Just Noticeable Difference (JND) are simple but efficient that can achieve increased global and local contrast levels and perceptively suppress difficulties in achieving increased contrast in complex images [5] [6] [7] .
The feature extraction results which apply the fuzzy entropy method and the interval-valued fuzzy set of measure-based feature selection on iris objects can provide accuracy on the iris classification under study [8] . Feature extraction of these structures was made based on the radiological attenuation index denoted by the Hounsfield Units using fuzzy logic techniques, special case in neuroimaging for segmentation of brain tissues [9] . 
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The brightness is set by using gamma correction factor which expressed by Equation 3.
The gamma correction factor is within the interval:  = [0 ... 1]. If  = 1 then the gray levels is mapped into a new level range linearly. If  < 1 or  < 1 then the gray level is mapped into a new range of levels in a non-linear fashion. This shown in Figure 2 . 
Where c is the scale constant. With c=1, function of dynamic range compression transformation is shown in Figure 3 . 
If fuzzy MF is implemented to the image it will act as a masking that passes certain pixel intensity values to a new pixel intensity value depending on fuzzy MF selection and parameter settings used. 
Typically, the image features are expressed in labels. It is necessary to specify the length of the feature label. In order for the feature label is not too long, then the image feature needs to be converted into a new feature image that has length column = length of feature label. If the length feature label is L, then (Equation 11):
The feature label is expressed by Equation 12.
RESULTS AND ANALYSIS
The image used as the test of the proposed method is as shown in Figure 6 . In order for the resulting feature to be compact, it needs to be converted into the same row-column size. This study used a 200x200 template for test image conversion as shown in To test the performance of the proposed method, it also tries to be applied to the signature image which its samples as shown in Figure 11 . Signatures 1 and 2 are from the same source, as are the signatures 3 and 4. The feature labels of the samples of signature image are shown in Table 1 . Mean Absolute Error (MAE) calculations between feature labels are performed to test authentication between signatures, with results as shown in Table 2 . From Table 2 it is found that the smallest MAE is between Signature 1 and 2, and between Signatures 3 and 4. This proves that the authentication of Signature 1 and 2 are correctly derived from the same source, as are the signature 3 and 4. The visualization of feature labels is shown in Figure 12 . 13 label is obtained through the authentication test of the signature image already done. If the comparison of two samples of the signature image produces a very small MAE value it can be said that both samples have very similar and authentic feature labels from the same source. The test results show that the comparison of the sample of signature images originating from the same source has an MAE that is much smaller than the comparison of the sample of the signature image originating from different sources. This proves the proposed method is capable of producing a unique label feature. Future work is how to further enhance the uniqueness of the label features through modification and/or combination of methods and tested with more varied test samples.
